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Automatic Generation of Issue Analysis Report
Based on Social Big Data Mining
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Jo Yo Han™" - Ock Cheol Young™""

ABSTRACT

In this paper, we propose the system for automatic generation of issue analysis report based on social big data mining, with the
purpose of resolving three problems of the previous technologies in a social media analysis and analytic report generation. Three
problems are the isolation of analysis, the subjectivity of experts and the closure of information attributable to a high price. The
system is comprised of the natural language query analysis, the issue analysis, the social big data analysis, the social big data
correlation analysis and the automatic report generation. For the evaluation of report usefulness, we used a Likert scale and made two
experts of big data analysis evaluate. The result shows that the quality of report is comparatively useful and reliable. Because of a
low price of the report generation, the correlation analysis of social big data and the objectivity of social big data analysis, the
proposed system will lead us to the popularization of social big data analysis.

Keywords : Social Big Data Mining, Automatic Report Generation, Issue Analysis Report, Correlation Analysis of Social
Big Data
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Table 1. Query types and examples

Query Type

Example Query Entity

Result

One entity -
Designated module

AR B 2ol =7

(Trend of Samsung’s buzz)

2 A 2H(Samsung)

Buzz Analysis Graph

One entity — Report

A A2 (Samsung) 2+ A A (Samsung)

Analysis Report

Two entity -
Designated module

NET g dAlel gk sl FolE g
(Let me know the trend change of sentiment
between Apple and Samsung)

off &3k A A

(Apple and Samsung)

Comparison of Sentiment
Regression Graph

Two entity - Report

off &3t A A nla off &3 A AR

(Comparison between Apple and Samsung) (Apple and Samsung)

Comparative Analysis Report

- Entity
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Table 2. The distribution of evaluation sentences for
fine-grained sentimental analysis

News Blog Tweet Total
Person 646 1,053 2,239 3,941
Organization 555 2,005 1,560 4,120
Product 99 847 499 1,445
Policy 209 297 229 735
Total 1512 42,02 4,527

Table 3. The distribution of evaluation sentences for
sentimental aspect analysis

News Blog Twitter Total
Product 121 720 200 1,041

Table 4. The distribution of evaluation data for
sentimental cause analysis

# of sentences | # of clusters # of entities
Person 224,153 26 7
Organization 19,807 41 13
Product 3,333 44 6
Policy 4,878 392 15
Total 252,671 503 41
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Table 6. The evaluation results of fine-grained sentimental
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