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ABSTRACT

Text augmentation is a methodology that creates new augmented texts by transforming or generating original texts for the purpose
of improving the performance of NLP models. However existing text augmentation techniques have limitations such as lack of expressive
diversity semantic distortion and limited number of augmented texts. Recently text augmentation using large language models and few-shot
learning can overcome these limitations but there is also a risk of noise generation due to incorrect generation. In this paper, we propose
a text augmentation method called TAGS that generates multiple candidate texts and selects the appropriate text as the augmented text.
TAGS generates various expressions using few-shot learning while effectively selecting suitable data even with a small amount of original
text by using contrastive learning and similarity comparison. We applied this method to task-oriented chatbot data and achieved more
than sixty times quantitative improvement. We also analyzed the generated texts to confirm that they produced semantically and
expressively diverse texts compared to the original texts. Moreover, we trained and evaluated a classification model using the augmented
texts and showed that it improved the performance by more than 0.1915, confirming that it helps to improve the actual model performance.

Keywords : Natural Language Process, Artificial Intelligence, Large Language Model, fEw-Shot Learning, Text Augmentation
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Table 1. Examples of augmented text

(1) withholding_tax

Original QHA| 7]1&0] Hok? (What is the criterion for

text withholding tax?)

Synonym HAA] F40] HoF (What is the basis for withholding
tax?)

Embedding QA Zebo] ok (What is the crisis for

withholding tax?)

Back PHAAS 7152 FA917t22What is the withholding
Translation | tax threshold?)

AAAIE Atsl7] Fall oE 2H=7F lojok S/ What
materials do you have to work with withholding
FSL tax?)

ALGAE 74t AB]A Al B(Provide year-end tax
settlement simplification service)

(2) reasearch_expanse_withholding_tax

AE&ATY Fof ¥HA 9 Z4(Documentation for

Original Withholding Tax on Commissioned Researcher's
text

Salary)

A&ATY B dHA 59 FZ(Documentation for
Synonym | Withholding Tax on Commissioned Researcher's

Earnings)

AEATY Fof LHA Sz Apply for
Embedding | Withholding Tax on Commissioned Researcher's
Salary)

A&A+d Fojo gt dHs

ZHA Z4(Withholding Tax Certificate for
Commissioned Researcher's Salary)

FEedTY AU FYA 44 A LS
9 (Entering Tax Exempt Income for

Commissioned Researchers' Withholding Tax
FSL Certificate)

AN A H(Method of Withholding Tax
Calculation)
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Fig. 1. Overall Architecture of TAGS
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Table 2. Result Comparison of Augmentation Methods

Method Accuracy Macro F1
2-shot
Baseline 0.3842 0.3614
Back Translation 0.3936 0.3778
Synonym Replacement 0.4075 0.4331
Embedding-based 0.4478 0.4247
TAGS-4 0.5072 0.4747
TAGS-250 0.7102 0.7432
5-shot
Baseline 0.7070 0.6810
Back Translation 0.7728 0.7957
Synonym Replacement 0.7795 0.7905
Embedding-based 0.7223 0.7078
TAGS-10 0.8460 0.8529
TAGS-250 0.8985 0.8947

skt A4 Yo A= KcBERT-base[1715 &-23) original
text20F R S-S AP mAS ARSI
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Table 3. Results of Varying the Amounts of Augmented Text

Augmented text Accuracy BLEU
O(Baseline) 0.7070 -
50 0.8702 0.1274
100 0.8822 0.1030
150 0.897 0.0900
200 0.8965 0.0840
250 0.8985 0.0790
300 0.8962 0.0760




Table 4. Examples of Augmented Texts from TAGS

@) =t

Original text

~ojolE wAlE $A 2ot
- o] 7147} FYUgolA]

- 3o #HE wzo] WM Fob

- BT AT} 9l B2 Fob
- obefl A= EE A v Fof

Augmented text

- ZQ050ks E01 whgo] Rl L7lo] Eof

- 8% g A2 TES FoF £ 9

- 7k8%t #e BE £4 S8

- olo]E e Foll= vl e} Firof

- B ZolA W7t 7HE Folkehe il HlolE 29 WeE A (Billie
Jean)olof

- ds

() LA

Original text

- 9HgsE Artar
kL

- AN ofTA Bl TR
- 9N 7)E0] Hop

- 9BA 9%

Augmented text

- Zto|HolEe] O WHASAE SISt ATk F7HAR Al daole
o] o} sht?

- 34 A S8 of| Azt Qlofof T

- ) ol e TAAA syl

- 934 AERT

- A= ARIA ok sh?
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nstelo] ofn] EASHE BT FAA YL AT
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Table 5. Results with Absence of Selection Process

Augmented text TAGS w/o selection
250 0.8985 0.8485
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