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Word Sense Classification Using Support Vector Machines
Park Jun Hyeok' - Lee Songwook'"

ABSTRACT

The word sense disambiguation problem is to find the correct sense of an ambiguous word having multiple senses in a dictionary in a
sentence. We regard this problem as a multi-class classification problem and classify the ambiguous word by using Support Vector
Machines. Context words of the ambiguous word, which are extracted from Sejong sense tagged corpus, are represented to two kinds of
vector space. One vector space is composed of context words vectors having binary weights. The other vector space has vectors where
the context words are mapped by word embedding model. After experiments, we acquired accuracy of 87.0% with context word vectors
and 86.0% with word embedding model.
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Fig. 1. Word Sense Classification Using SYM
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Fig. 2. An Example of Building the Context Word Vector
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Table 1. Training Set and Test Set

4 of i o
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Fig. 3. The accuracy of the system using the word
embedding vector with window size k



WAL A% QRS 24 A2 W Hsol A%

Zgot AP, ‘w e Agee dEg A7 Aol 2
QS 7AA Gt olE AR L AHE FAAH @
o] Ziztelel vebAIRE 9o wigt el "olx vehd
FE JES onstth F9 WEe A9 xS Ale]=v}
AR AEHZE FA|(sparse data problem)E A3}

= = &
H7h glovt wel gy MEel A%, 74 B9 woje 9|
e

OO
N e
8 i)
fE.
= 2
2N
! o
40
ru N
£
E sk T%
=
L i
g Moo
\:\'U mlﬂ —_&: g j%
2 g
I

£ 2
o e

Bl ol R Fow A

)
.,
o
Ha
2
il
_QL_',
i)
ol
o
)
Ho
:,OL_"
2
My fEXop
2
e
=
1
w g b
5

=

jul

o He
2
N
2 ol
o
gt
oo
of
ol
2
o
=
=
i

. M

o o

to 1o ofl fo
,
o
tfu
o
oo
et

o, L
e L

ot ol

T
\I—t
noEE T =)

T

Table 5% g} “uj'e]
AgIA AxS 2719 me
oM o E BAst BApE T

oX,
Ir
[o

of
d

Hz
ol
£y
oXx,
off

Table 5. The Accuracy for ‘Bi(bae)’ Using the Word Embedding
Vector with Window Size k
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Table 6. The Dimension of Vector Spaces

ambiguous contzxt word embedding vector
word words
(# of senses) vector =
(k=5) k=2 3 4 5)
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