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ABSTRACT

Shape Contexts Recognition(SCR) is a technology recognizing shapes such as figures and objects, greatly supporting technologies such
as character recognition, motion recognition, facial recognition, and situational recognition. However, generally SCR makes histograms for
all contours and maps the extracted contours one to one to compare Shape A and B, which leads to slow progress speed. Thus, this
paper has made simple yet more effective algorithm with optimized contour, finding the outlines according to shape figures and using the
improved Douglas-Peucker algorithm and Harris corner detector. With this improved method, progress speed is recognized as faster.
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