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ABSTRACT

Recently, the concern of IT-in-Agriculture convergence technology that combines information technology and agriculture is increasing
rapidly. Especially, the crop cultivation related prediction services by spatial data mining (SDM) can play an important role in reducing the
damage of natural disaster and enhancing crop productivity. However, the data conversion and integration procedure to acquire the leaming
dataset of SDM for the prediction service need a lot of effort and time, because of their heterogeneity between distributed data. In
addition, czlculating spatial neighborhood relationships between spatial and non-spatial data necessitates requires the complicated calculation
procedure ‘or large dataset. In this paper, we suggest a SOA-based data integration framework that can effectively integrate distributed
heterogenesus data by treating each data source as a service unit and support to find the optimal prediction service by improving
productivit 7 of leaming dataset for SDM. In our experiment, we confirmed that our framework can be effectively applied to find the
optimal prediction service for the frost damage area, by considering the case of peach crop cultivation in Icheon in Korea.

Keywords : SOA(Service Oriented Architecture), Data Integration, Data Integration Management Service, Prediction Service,
Spatial Data Mining
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