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ABSTRACT

In this paper, we present an automated Web page classification system based upon ontology. As a first step, to identify the representative

terms given a set of classes, we compute the product of term frequency and document frequency. Secondly, the information gain of each term

prioritizes it based on the possibility of classification. We compile a pair of the terms selected and a web page classification into rules using

machine leaming algorithms. The compiled rules classify any Web page into categories defined on a domain ontology. In the experiments, 78

terms out of 240 terms were identified as representative features given a set of Web pages. The resulting accuracy of the classification was,

on the average, 83.52%.

FI/E : ® HO|X| BR(Web Page Classification). 2&2XI(Ontology). HE0|S(Information Gain). 7|H8&(Machine Learning)
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