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An Integrated Method for Generating Inductive Rule Sets

Chang-Hwan Lee!

ABSTRACT

The rule induction system generates a set of inductive rules, and the task of selecting an optimat rule subset is one of the important problem
in the area of rule induction. This paper proposes a new learning method which combines rule induction system with the paradigm of genetic
algorithm. This paper shows that genetic algorithm can be effectively applied to optimal rule selection problem. The proposed system was
evaluated using a set of different machine learning data sets and, showed better performance in all cases than other traditional methods.
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