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Generator of Dynamic User Profiles Based on Web Usage Mining
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ABSTRACT

It is important that acquire information about if customer has some habit in electronic commerce application of internet base that led in
recommendation service for customer in dynamic web contents supply. Collaborative filtering that has been used as a standard approach to Web
personalization can not get rapidly user’s preference change due to static user profiles and has shortcomings such as reliance on user ratings,
lack of scalability, and poor performance in the high-dimensional data. In order to overcome this drawbacks, Web usage mining has been prevalent.
Web usage mining is a technique that discovers patterns from We usage data logged to server. Specially, a technique that discovers Web usage
patterns and clusters patterns is used. However, the discovery of pattems using Apriori algorithm creates many useless patterns. In this paper,
the enhanced method for the construction of dynamic user profiles using validated Web usage patterns is proposed. First, to discover patterns
Apriori is used and in order to create clusters for user profiles, ARHP algorithm is chosen. Before creating clusters using discovered patterns,
validation that removes useless patterns by Dempster-Shafer theory is performed. And user profiles are created dynamically based on current
user sessions for Web personalization,

FIME - @ ALR 010|"(Web Usage Mining), 7§2I8(Personalization), $8 AlAH (Recommendation System), HE B4 (Pattern
Discovery), XIX|=(support), M & (Confidence)
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4.1 TjE J|EF AFRX} =2 Tjel
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Page , Pages, -, Page ,—Page p ; RecScore = S

ALgA Z2RYE olf e WY, F FHL F REos
vl Am e & Y82 M3 F-(antecedent)d}t 8}
I & B¥& AHAY(consequent) P} HHEE g
AHEZ gABtE solx2 FAol Hu ARRE & A
o] HolA&2 TA4€rh AN = ARHPY <3 ¥AdE 2
2] 28 9] #o]x]|7} gt} 12]1 RecScoret 42614 Ao
2 Rl o8 Pz A € AUEE 98 A18E o
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(198 2= B4 8439 AH9 HoAI} Page, Page,
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Utk BaFol= FHHARD Fr FH d2EE] Yeh}
B Zt £1 F3H Ho)XE RecSTE 7MAT Qr)
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{page . page, pages>
H 7} 3-(consequent) :
page g, RecS = 0,97

bage gy RecS = 0.93
bage 3 RecS = 0.91
page R RecS = 0.88
page ps RecS = (.85
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S0t Swp?
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RecS(S, p) = V weight(p, C) - match(S, C) (19)
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T AREA A4 SOl did AFHAFA FJAFQ UREC(S)
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commendation score® 7Nt AA F2H 1CY REA

#d c9d #HolA p FEEoIY otefe 4 20E BEE
UREC(S)=w{|CeTC, and Rec(s,wf) = p (20)

AR 9 A8 HEE o8 4HddE FzHE

H AR T OHOIY 7|90l S ALK ZR2ME ¥4 3%

A2 AHgae] FFE 9 AHE HEE R F AR
B4std e olgstd TR AEAR ZeRde 7
A & A 8 & s Mujx A2"E ALg At
243 A4 4 (18)~4 200 H&3} FHH2EE F
o st AR ZERAdE THEA At
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Al [1310A AAE S AHE3t 46709 EAA
& Hdstgon F HolXe u 12509 e HA EWA
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& EWdAA wolA 2 AAsHt £ EWAYHY Zo
7F 3 oj4el EdAAT nesgth B3 HA ERAA
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WA EddR dejels Edold dlo]E(training data)Z
ALl AA e ol MY EAAMLL <E 1>F g

CE 1) 4567H9] ALEAL EFM Eo|&E

EdN URL £Ed
TID1 | investment -> list_dbno_33 -> list_db_no_41 -> inv_info
TID2 | investment -> list_dbno_33 -> liv_info —> unstock
TID3 | list_dbno_39 -> bsnewlist_ BA -> unstock

TID456 | 3market -> list_dbno_104 -> inv_info -> left_menul
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o dy Fold Bt diojgdA Yejel EAAA tE A
gt @A g2 843 &told 9E$ AVIE nol
@i & oo 499 |ti-n+ 149 Helx2 FAHE Helx
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#H4 AR E(min_supp) A 413 =(min_conf)
20% 50%

(B 3 WY AB0| HBX| Y2 HUE

DS Es F o)A & 2e2H 5
87 68 14

<E 3polAe o] AN WHFEo] 14718 Felx
HE FEFHUCH 2zt Ze2EE #o|A e dAA R
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Bt 71Ed Hrb 2300 HEg 0722090 A EAR
A g FH FEA & Hr} 230 07145

(E 4 WY AS0| HEX| Y2 FH 2l2E

AR 9=5 8 HoA 3 239
inv_info 0.78
list_dbno_88 0.752
investment-> list_dbno_117 0714
list_dbno_33 3market 0.664
list_dbno_89 0.591
list_dbno_114 053

NLRELH dd A5 ¥ Dempster-Shafer
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q d§ 42 Z(degree of belieHE ¢ T2 AR A
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0663|009 | 0583 | 074 |investment, list_dbno_41, 3market, list_dbno 89
0672{ 0112 056 0.713 | investment, list_dbno_44, inv_info

0665{ 012 | 0545 | 0692 | 3market, list_dbno_ 104, inv_info, fist_dbno_118
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0677|0112 0545 | 0.713 | investment, list_dbno_44, inv_info
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061 | 054 007 045 | invetment, list_dbno_33, list_dbno_41, newlist
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